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Abstract. The aim of this study is to investigate, on the one hand, the main 

effects of personal innovativeness and familiarity on perceived community 

support in the domain of the social network site Tuenti, and, on the other hand, 

the moderating effects of personal innovativeness on relationships between 

familiarity and perceived community support. A Structural Equation Modelling, 

specifically Partial Least Square, is proposed to assess the relationships 

between the constructs together with the predictive power of the model 

analysed. The results demonstrate that increasing PIIT and familiarity can be 

seen as important initiatives that promote perceived community support and 

avoid the consideration of competitive social network sites. 

Keywords: Perceived community support, Social Network Sites, sense of 

virtual community, familiarity, personal innovativeness, moderating effects. 

1   Introduction 

Social Network Sites (SNSs) are virtual environments that allow users to connect with 

each other in order to seek and/or share content (e.g., opinions or experiences), 

professional advancement, friendship, and entertainment. In particular, users have an 

essential focus on social interaction and mutual support. In this research, SNSs will 

thus be conceptualised as an online setting that emphasises (a) an individual’s feelings 

of membership, identity, belonging, and attachment to others that is maintained by 

integration and fulfillment of needs (i.e., a sense of a virtual community), and (b) 

virtual enduring participation [cf. 10, 35, 44].  

Assuming that the ultimate success of SNSs derives from an enduring usage, 

Bhattacherjee (2001) emphasised the importance of continuance over initial 

acceptance. Long-term viability of SNSs and their eventual success will indeed 

mailto:majesus@us.es


depend on their enduring participation rather than situational participation, and, 

likewise, the formation of social capital –e.g., support seeking and support providing 

[cf. 16]. Nevertheless, how to maintain and intensify the number of members and 

posts remains a problem. In fact, if not gratified and involved properly, members lose 

interest and eventually reduce their level of interaction. Perceived community support 

[hereinafter, PCS] can, then, be considered as an essential indicator of community 

success. Assuming that ―the study of the community as a relevant source of support 

has been comparatively lacking‖ [26, p. 197], the purpose of this research will be to 

expand previous research of what contributes to PCS.  

In particular, this paper is structured as follows. In the next section, we present a 

research model which connects PCS with two sets of factors: familiarity and personal 

innovativeness toward Information Technologies (hereinafter, PIIT). That is to say, 

identifying main determinants of PCS are the goals of this study. We will investigate 

the roles of familiarity and PIIT in building PCS. These two factors have not been 

examined in previous research on PCS. The hypothesised model will be validated 

empirically using data from a field survey of the most popular computer-mediated 

SNS among the Spanish college student population, Tuenti -created in January 2006 

by Zaryn Dentzel. This paper will address these questions, and outline the managerial 

implications, and limitations. 

2   Theory and research hypotheses 

Previous research has shown individual differences play an important role in users’ 

decisions to accept or reject innovations [38, 39, 41, 46]. In this regard, we propose 

two factors that can help identify such drivers of PCS to target those members that are 

highly enthusiastic during the acceptance of an SNS. The first is a personal trait (i.e., 

a stable situation-specific individual difference) named personal innovativeness 

toward Information Technologies (PIIT), and the second is a psychological state (i.e., 

a dynamic, situation-specific individual difference) named familiarity. 

2.1   Perceived Community Support, PCS 

Blanchard and Markus (2002) argue that ―the success of community support 

platforms depends on the active participation of a significant percentage of the 

community members‖. Community participation will herein be conceptualised as 

community involvement, active participation in community activities, or social 

interaction [44]; e.g., ―I respond to calls to support my Tuenti community‖. 

Participation is necessary for enduring interactivity and, consequently, an essential 

driver of successful SNSs. Secondly, the exchange of mutual support –cf. integration 

and fulfillment of needs- is a very important reason for the existence of virtual 

communities [4, 42, 49]; i.e. feelings of being supported by others in the community 

(i.e., community organisation) while also supporting them. In fact, online contacts are 

perceived to be as helpful as support provided by offline contacts [cf. 34, 48]; e.g., ―I 

could find people that helped me feel better‖. Thirdly, a main dimension -associated 

with community support- that distinguishes virtual communities from mere virtual 



groups is mainly their sense of virtual community (or community integration), defined 

as ―as members’ feelings of membership, identity, belonging, and attachment to a 

group that interacts primarily through electronic communication‖ [7; cf. 8, 35]; e.g., 

―My affective bonds with my Tuenti community are the main reason why I continue to 

use its service‖. 

2.2   Personal Innovativeness toward Information Technologies, PIIT 

Since SNSs represent an innovation, existing innovation theoretical frameworks from 

the innovation literature may be effectively applied to SNSs –as a new technology 

service. If users are more willing to accept innovative technologies in general, they 

may be more accepting of innovative technologies such as SNS, and more 

predisposed to having a primary focus on social interpersonal communication. Given 

the relative infancy of SNSs, it will, therefore, be appropriate to test personal 

innovativeness toward Information Technologies (PIIT) as an influencing variable. 

In our research, as Agarwal and Prasad (1998), we shift the focus from observed 

adoption behaviour to underlying personal trait operating in differing technology 

acceptance realms. PIIT has a stable influence across situations involving information 

technology, while Rogers defines innovativeness as a behaviour -in the context of 

diffusion of innovations. In particular, PIIT is ―an important individual trait for 

examining the acceptance of information technology innovations‖ [1, p. 206; cf. also 

24,  26, 27], and it is conceptualised as an individual’s willingness to try out an IT, 

seeking out new, mentally or sensually stimulating experiences. PIIT describes the 

extent to which the individual has an innate propensity toward adopting a new IT; i.e., 

a form of openness to change. Innovative individuals will thus be more comfortable 

and confident when using a new system [cf. 51], this being a function of members' 

risk tolerance. That is, as Woszczynski et al. (2002, p.381) argued, ―users who score 

high on PIIT may tend to be the first individuals to adopt a new technology product‖. 

Initially we conceptualise and evaluate PIIT as a direct determinant of PCS. 

Indeed, we expect a positive relationship exists between PIIT and the formation and 

maintenance of social capital. Highly-innovative members will develop more positive 

perceptions about SNSs in terms of perceived usefulness and ease of use. In this 

regard, innovative members realise better the usefulness of SNSs for trying out a SNS 

and consequently, support seeking and support providing (i.e., community 

organisation and participation). Rogers (1995) related innovativeness with social 

participation. Users who adopt innovative ideas more than others will tend to have a 

stronger desire to participate in and contribute to SNS. PIIT captures a positive 

dimension of individuals to experiment with SNSs. Likewise, as Chou (2010) 

confirms, online community members’ PIIT is positively related to their perceived 

identity verification. ―For most participants, identity —both the establishment of their 

own reputation and the recognition of others— plays a vital role‖ [15, p.30]. Highly-

innovative members have more positive individual feelings of identity and attachment 

with the others (i.e., community integration), showing a strong link between PIIT and 

PCS 

To sum up, innovative members will tend to be proactive in accepting SNS and in 

taking risks, solving a problem or generating an idea through online interactions –as 



instrumental benefits- or for fun and relaxation –as hedonic benefits- among others 

and predicting stronger feelings of being supported by the SNS. PCS will, therefore, 

be influenced by stable individual difference such as PIIT. Based on the previous 

arguments, this research proposes the following hypothesis: PIIT positively influences 

PCS (i.e., community organisation, H1a; integration, H1b; and participation, H1c). 

See Figure 1. 

2.3   Familiarity 

Familiarity about the functioning of an SNS will be defined here as the number of 

SNS-related direct or indirect experiences that have been accumulated by members, 

being considered one of the main drivers explaining their behaviour [cf. 42].  

Familiarity is an important internal source of information; i.e., the more familiar 

the SNS are to members, the less time and effort will be spent on information search. 

Familiarity is the knowledge of a product class [27] or ―a specific activity-based 

cognizance based on previous experience or learning of how to use the particular 

interface‖ [19, p.727]; i.e., role clarity, ability and motivation [30]. Familiarity 

therefore, gauges the degree to which prior experience has been understood.  

Users’ familiarity (and knowledge) will affect customer information processing 

activities in several ways [cf. 3], leading to a more elaborated cognitive structure [cf. 

17, 36]. As users use a service more frequently, they are more familiar with it, 

reducing uncertainty in future decision situations (i.e., perceiving less risk), and 

simplifying relationships with others by generating a knowledge structure [cf. also 6, 

18, 19]. Familiarised members will believe that they know an SNS well [cf. 3], 

showing an individual judgment of one’s capability to use an SNS (i.e., self-efficacy) 

and more positive beliefs and attitudes about it. Familiarity could thus be used to 

describe the extent to which users know about an SNS. 

A general principle is the easier the utilisation could be and the lower the entry 

barrier, the higher the possibility of using it is. Users’ satisfaction and familiarity both 

have positive impacts on their voluntary participation in co-production and 

contribution to SNS [cf., 23]. Hence, we expect a positive relationship exists between 

members’ familiarity and the formation and maintenance of social capital; that is to 

say, the familiar virtual settings create a level of comfort such that members feel free 

to discuss and share their ideas. Increased familiarity among members will promote 

mutual aid and empathy. When the members are familiar with the others, they tend to 

be more informal and are more willing to share personal information, thereby (a) 

achieving greater PCS and (b) resulting in increased opportunities to deepen their 

knowledge about them [cf. 47]. Likewise, interpersonal interactions increase 

familiarity between community members, leading to a greater desire to interact in the 

future. Indeed, previous research supports that the more familiarised members 

normally exhibit targeted behaviour while the less familiarised opt for general 

exploration. Less familiarised users tend to engage in community participation but in 

a limited way, preferring to be readers rather than writers, and being reticent -or very 

seldom posting. As Casaló et al. (2007, p.6) proposed, ―familiarity with a virtual 

community favours the individual skills in order to interact with other community 

members and, therefore, the participation in the virtual community may be increased‖. 



To sum up, to promote PCS online moderators should use strategies to increase 

familiarity among members of SNS and develop favourable social relationships.    

Users will show more commitment once they could understand the value, norm and 

rule of the SNS. ―As customers become familiar with an organization and/or its 

employees, relationships based on trust and reciprocity often develop‖ [23, p.13]. 

Based on the previous arguments, this research proposes the following hypothesis: 

Familiarity positively influences PCS (i.e., community organisation, H2a; integration, 

H2b; and participation, H2c). See Figure 1. 

Thirdly, members with higher PIIT would require less information than the 

members with lower PIIT. Innovative members will be highly predisposed toward 

adopting SNSs, whereas others may prefer to continue exploring familiar community-

tools. PIIT could then be a moderator of familiarity. Members with high personal 

innovativeness may not be familiarised members. Innovative users might be easily 

persuaded to try the new technology without any elaborated cognitive structure (or 

familiarity). We will, therefore, develop a third hypothesis maintaining that 

innovative members will not only hold different belief structures in terms of 

familiarity, but also that individual innovativeness will moderate the impact of 

familiarity on PCS. Higher levels of PIIT may diminish factors involving prior online 

experience (e.g., SNS familiarity), and place more focus on new, mentally or 

sensually stimulating experiences. PIIT may, therefore, be viewed as a moderating 

driver affecting the relationship between familiarity and PCS.  Based on the previous 

arguments, this research proposes the following hypothesis: Overall, PIIT moderates 

(weakens) the relationship between familiarity and PCS (i.e., community 

organisation, H3a; integration, H3b; and participation, H3c). See Figure 1. 
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Fig. 1. Research model. Hypotheses.  



3   Method 

3.1   Participants 

The structural model was validated empirically using data from a field survey of the 

most popular computer-mediated SNS among the Spanish college student population, 

Tuenti. Specifically, participants were recruited from social studies at a public 

University in Seville (Spain). The exclusion of invalid questionnaires due to duplicate 

submissions or extensive empty data fields resulted in a final convenience sample of 

278 users. 42.8% were male respondents. The average age was 21.04 (SD: 2.403). 

3.2   Measures 

We have adopted the common latent model perspective, in which the latent variable is 

understood to be the cause of the indicators (i.e., reflective indicators). Fourteen items 

were used to assess community participation, organisation and integration (or 

identification with an SNS) -taken from Herrero and Gracia (2007), Geyskens et al. 

(1996), Loewenfeld (2006), and Sánchez-Franco (2009). On the other hand, a total of 

three items were employed to measure familiarity [18]. Finally, the self-report 

instrument for measuring the degree of PIIT has been operationalised by Agarwal and 

Prasad (1998) in the form of a four-item questionnaire.  

A pretest assessed the suitability of the wording and format, and the extent to 

which measures represented all facets of constructs. All items are seven-point Likert-

type, ranging from «strongly disagree», 1, to «strongly agree», 7.  

3.3   Data analysis 

The hypotheses testing was conducted using Partial Least Squares (PLS), specifically, 

SmartPLS 2.0.M3 software [37].  

Taking into account that hypotheses H3abc are based on interaction effects, one 

well-known technique has had to be applied to test these moderated relationships: 

product-indicator approach [24]. 

4   Evaluation of PLS path model results 

4.1   Assessing our reflective measurement model 

Our measurement model proposed causal relationships from the latent variables to the 

manifest variables in their block. That is, as Henseler et al. (2009, p.285) summarise, 



―each manifest variable in a certain measurement model is assumed to be generated as 

a linear function of our latent variables and the residual ε‖.  

In particular, the measurement model was evaluated using the full sample (278 

individuals) -all items and dimensions- and then the PLS results were used to 

eliminate possible problematic items. On the one hand, individual reflective-item 

reliability was assessed by examining the loadings of the items with their respective 

construct, that is, in terms of correlations between a construct and each of its manifest 

variables (or standardised loadings). Individual reflective-item reliabilities were over 

the recommended acceptable cut-off level of 0.7. See Table 1. On the other hand, 

construct reliability was assessed using the composite reliability (ρc). The composite 

reliability takes into account that indicator shave different loadings, and can be (a) 

interpreted in the same way as Cronbach’s α, and therefore, (b) used to check how 

well a construct is measured by its assigned indicators. The composite reliabilities for 

the multiple reflective indicators were well over the recommended acceptable 0.7 

level, demonstrating high internal consistency. Moreover, we checked the 

significance of the loadings with a bootstrap procedure (500 sub-samples) for 

obtaining t-statistic values. They all are significant. See Table 1. 

Finally, convergent validity on the one hand, involves the degree to which 

individual items reflecting a construct converge in comparison to items measuring 

different constructs. On the other hand, discriminant validity concerns the degree to 

which the measures of different constructs differ from one another. Convergent and 

discriminant validities were, therefore, assessed by stipulating that the square root of 

the average variance extracted (AVE) from its indicators should be at least 0.7 (i.e., 

AVE > 0.5) and should be greater than that construct’s correlation with other 

constructs. All latent constructs satisfied these conditions. See Tables 1 and 2.  

Table 1.  Measurement model. Main effects model. 

a. Individual item reliability-individual item loadings. Construct 

reliability and convergent validity coefficients 
 

Latent Dimension Loadingsa c AVE  

CO. Community organisation  0.9243 0.7097  

CO1. I could find people that  helped 

me feel better 
0.8059    

CO2. I could find someone to listen 

to me when I felt down 
0.8603    

CO3. I could find a source of 

satisfaction for myself 
0.8722    

CO4. I could be able to cheer up and 

get into a better mood 
0.8749    

CO5. I could relax and easily forget 

my problems 
0.7955    

CI. Identification with virtual 

community (i.e., community 

integration) 

0.8059 0.9426 0.8042  

CI1. My affective bonds with my 

Tuenti community are the main 
0.8896    



reason why I continue to use its 

service 

CI2. I enjoy being a member of my 

Tuenti community 
0.9103    

CI3. I have strong feelings for my 

Tuenti community 
0.8799    

CI4. In general, I relate very well to 

the members of my Tuenti community 
0.9069    

CP. Community participation  0.9109 0.6723  

CP1. I participate in order to 

stimulate my Tuenti community 
0.8787    

CP2. I take part actively in activities 

in my Tuenti community 
0.7801    

CP3. I take part in social groups in 

my Tuenti community 
0.7789    

CP4. I respond to calls to support my 

Tuenti community 
0.7761    

CP5. I take part actively in socio-

recreational activities in my Tuenti 

community 

0.8786    

FAM. Familiarity  0.9306 0.8172  

FAM1. I am quite familiar with my 

Tuenti community 
0.9038    

FAM2. I am quite familiar with the 

services offered by my Tuenti 

community 

0.9004    

FAM3. In comparison with the 

typical user of my Tuenti community, 

I believe I am quite familiar with it 

0.9077    

PIIT. PIIT  0.9487 0.8222  

PIIT1. If I heard about a new 

information technology, I would look 

for ways of experimenting with it 

0.8995    

PIIT2. Among my peers, I am usually 

the first to try out new information 

technologies 

0.8757    

PIIT3. In general, I am hesitant to try 

out new information technologies (R) 
0.9313    

PIIT4. I like to experiment with new 

information technologies 
0.9196    

(R) Reverse item 

a All loadings are significant at p<0.001- (based on t(499), two-tailed test) 
 

 



Table 2.  Discriminant validity coefficients. Main effects model. 

 CO CI CP FAM PIIT 

CO 0.8424     

CI 0.3932 0.8968    

CP 0.5358 0.4248 0.8200   

FAM 0.5237 0.4371 0.6326 0.9400  

PIIT 0.1208 0.1438 0.2996 0.1790 0.9070 

Note: Diagonal elements are the square root of average variance extracted (AVE) between the 

constructs and their measures. Off-diagonal elements are correlations between constructs 

 

4.2   Assessing our structural model 

The bootstrap re-sampling procedure (500 sub-samples) was used to generate the 

standard errors and the t-values. Firstly, the research model appears to have an 

appropriate predictive power for endogenous constructs to exceed the required 

amount of 0.10 –R-square values. Furthermore, our structural model explains each 

endogenous latent construct by only two exogenous latent construct. R
2
>0.19 may, 

therefore, be acceptable [cf. 12]. See Figure 2. A measure of the predictive relevance 

of dependent variables in the proposed model is the Q2 test. A Q2 value (i.e., only 

applicable in dependent and reflective constructs) greater than 0 implies that the 

model offers predictive relevance. The results of our study confirm that the main 

model offers very satisfactory predictive relevance: community integration (Q2= 

0.1507 > 0), community participation (Q2= 0.3636 > 0) and community organisation 

(Q2= 0.1930 > 0). 

The data fully supported the main effects model and the hypotheses (excepting H1a 

and H1b) are supported on the basis of empirical data. As indicated in the main 

effects model, PIIT has a significant impact on participation, with path coefficients of 

0.192 (p<0.001). However, due to the cross-sectional design of this study, no 

causation can be determined. Likewise, familiarity has a significant impact on 

organisation, integration and participation with path coefficients of 0.519 (p<0.001), 

0.425 (p<0.001) and 0.598 (p>0.001). See Figure 2.  

The interaction effects were also included, in addition to the main effects model - 

see Figure 3. As in regression analysis, the predictor and moderator variables are 

multiplied to obtain the interaction terms. According to Chin et al. (2003), product 

indicators are developed by creating all possible products from the two sets of 

indicators and the standardising of the product indicators is recommended. However, 

in the presence of significant interaction terms involving any of the main effects, no 

direct conclusion can be drawn from these main effects alone [2]. In particular, the 

interaction effects were of 0.121 -familiarity * PIIT  community participation- 

(p<0.01), and 0.156 - familiarity * PIIT  community organisation - (p<0.01). 

Hypotheses H3a and H3c were supported. Higher PIIT increases the impact of 

familiarity on community organisation and participation.  
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Fig. 2. Structural model. Main effects model. 
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5   Conclusions 

Our research focused on the association between PIIT, familiarity and PCS by 

studying the moderating effects of PIIT –i.e., the interaction effects model. We were 

unaware of previous research that examined interaction effects of familiarity and PIIT 

on the sense of virtual community and participation. In order to establish a social 

integration between users and SNSs, this study extended previous research. 

In particular, the measurement models were valid, with acceptable convergent and 

discriminant validity. Our results provided strong support for the arguments that 

personal differences (i.e., PIIT and familiarity) lead the Tuenti member into 

developing a growing PCS -by enthusiasm for a community activity and reducing the 

uncertainty of the relationship with it. PIIT directly influences on community 

participation, and familiarity influences on community participation, integration and 

organisation. Likewise, higher PIIT increases the impact of familiarity on community 

organisation and participation.  

Community managers will, therefore, take account of familiarity and PIIT to 

customise their social strategies in order to (a) increase users’ enthusiasm in SNSs, 

and (b) establish involvement and participation in community activities and, 

consequently, the individual’s feelings of identity and attachment to them. 

6   Discussion 

Members with higher levels of PIIT (or willingness of an individual to try out any 

new Information Technology) (a) tend to be more risk-taking, and (b) are expected to 

have more positive intentions toward community participation. Innovative members 

will be selective processors who often rely on a subset of highly available and salient 

cues in place of detailed elaboration related to community integration or affective 

commitment. Innovative members will specially try the Tuenti community because it 

may provide productivity enhancement – even if they do not have a positive attitude 

towards using it or community integration –.  

Likewise, it is suggested that PIIT could be a moderator of familiarity; i.e., users 

with high personal innovativeness may not be familiarised users. Therefore, to some 

extent these relationships (between familiarity and PCS) could be influenced by an 

individual’s enthusiasm or keen interest in Information Technology -which has been 

established as PIIT. We initially proposed that innovative users might be easily 

persuaded to try the new technology without any elaborated cognitive structure (or 

familiarity). Contrariwise, PIIT predisposed members to a higher influence of 

familiarity on community organisation, and participation. Hence, when familiarised 

members (i.e., with fulfilling routines and procedures for dealing with Tuenti 

community) are more concerned about Information Technologies (and less deeply 

engaged in cognitive elaboration), they will thus more inclined to promote accurate 

mutual aid and empathy. They will tend to be more informal and are more willing to 

share personal information, thereby (a) achieving greater PCS and (b) resulting in 

increased opportunities to deepen their knowledge about them. 



End-users’ familiarity with using SNSs emphasises sense of virtual community and 

participation. Alternatively, innovative members will apply community features in 

innovative and novel ways that go beyond the familiarity -enabling them to explore 

the value potential of SNSs more fully. Accordingly, different members’ segments 

(defined by PIIT) will play an interaction role in affecting the influence of familiarity 

(in terms of the knowledge members have of an SNS, based on their experience and 

previous contacts) on the success of community support SNS –i.e., the active mutual 

exchange and integration of a significant percentage of the community members. 

These members will progressively overestimate members’ feelings of being assisted 

by the online community in terms of support needs and resources available to the 

individual –e.g., knowledge and ideas related to mutual interest. Furthermore, 

increasing PIIT and familiarity can be seen as important initiatives that promote 

integration and avoid the consideration of competitive SNSs. As Sørebø et al. (2008, 

p.326) note, ―an important challenge, for both IS research and practice is to find ways 

of influencing users to initiate and engage in purposeful behaviour‖. A community 

manager should consider how to assist members fostering intrinsic motivation so that 

they can attain gains in social integration –e.g. novelty, flow, and increased perceived 

control, or providing community features where innovative members who have 

provided useful suggestions to other members are identified. In fact, ―for individuals 

with high innovativeness in IT, improving their identity verification in an online 

community becomes very important‖ [14, p.848]. Community managers should also 

focus more on providing expressive and interesting features in SNSs, such as an 

attractive interface. For instance, as Sánchez-Franco and Roldán (2010, p.1455) 

concluded, ―the influence of aesthetics on feelings of membership, identity, and 

attachment to a SNS was outweighed in routinisation conditions and personal 

innovativeness, reinforcing perceived community support‖. Moreover, these authors 

concluded that the visual originality itself is essential and inseparable from innovative 

users. Likewise, members need to be motivated so that they are willing to get familiar 

with the SNS. In this regard, community managers need to ―understand the nature of 

customer expectations, how these are formed and how they change‖ (Kotzë and du 

Plessis, 2003, p193).  

The authors recognise some limitations in this research. The model clearly did not 

include all the relevant variables. Future research should not overlook calculative 

integration (or commitment); that is, ―the state of attachment to a partner cognitively 

experienced as a realization of the benefits sacrificed and losses incurred if the 

relationship were to end‖ [21, p.28]. Secondly, the sample selection process was non-

random. The selection of the respondents might have been subject to a sample 

selection bias and therefore, possible refinements in this direction are advisable for 

future research. In particular, our respondents showed a bias on gender. As Green 

(1996) evidenced, previous research tends to indicate that female, older, and better-

educated customers participate more in surveys. Therefore, it is difficult to generalise 

this quasimoderating model and extend the results to other social settings because 

members from only Tuenti community were surveyed. When studying users of one 

SNS, future research should exercise caution in generalising the findings to members 

of another social network site; i.e., certain profiles are more represented on some sites 

than others. 
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