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Abstract. We present a software framework for the transparent and
portable parallelization of simulations using particle-mesh methods. Par-
ticles are used to transport physical properties and a mesh is required
in order to reinitialize the distorted particle locations, ensuring the con-
vergence of the method. Field quantities are computed on the particles
using fast multipole methods or by discretizing and solving the governing
equations on the mesh. This combination of meshes and particles presents
a challenging set of parallelization issues. The present library addresses
these issues for a wide range of applications, and it enables orders of
magnitude increase in the number of computational elements employed
in particle methods. We demonstrate the performance and scalability of
the library on several problems, including the first-ever billion particle
simulation of diffusion in real biological cell geometries.

1 Introduction

A large number of problems in physics and engineering can be described by par-
ticles. Examples include Molecular Dynamics (MD) simulations of nano-devices,
Smooth Particle Hydrodynamics (SPH) simulations of astrophysics, and Vor-
tex Methods (VM) for fluid dynamics. The dynamics of particle methods are
governed by the interactions of the N computational elements, resulting in an
N -body problem with a nominal computational cost of O(N2). For short-ranged
particle interactions, as in simulations of diffusion [1], the computational cost
scales linearly with the number of particles. In the case of long-range interac-
tion potentials such as the Coulomb potential in MD or the Biot-Savart law
in VM, Fast Multipole Methods (FMM) [2] reduce the computational cost to
O(N). Alternatively, these long-range interactions can be described by the Pois-
son equation which, when solved on meshes, results in the hybrid Particle-Mesh
(PM) algorithms as pioneered by Harlow [3, 4]. The computational cost of hybrid
methods scales as O(M), where M denotes the number of mesh points used for
resolving the field equations. Due to the regularity of the mesh, PM methods
are one to two orders of magnitude faster than FMM [5].

The parallelization of PM and FMM techniques is complicated by several
factors:
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– the simultaneous presence and spatial distribution of particles and meshes
prohibits a single optimal way of parallelization,

– complex-shaped computational domains and strong particle inhomogeneities
require spatially adaptive domain decompositions,

– particle motion may invalidate the existing domain decomposition, causing
rising load imbalance and requiring additional communication in multi-stage
ODE integration schemes,

– exploiting the symmetry of the particle interactions requires sending back of
ghost contributions to the corresponding real particle,

– inter-particle relations constrain decompositions and data assignment,
– the global nature of the tree data structure hampers the parallel implemen-

tation of FMM methods.

Many of the available domain decomposition, load balancing, solver, inter-
polation, and data communication methods are applicable to a wide range of
particle or PM algorithms, regardless of the specific physics that are being sim-
ulated [6]. In this paper we present the newly developed Parallel Particle Mesh
library ppm [5] and its extension to FMM. The ppm library provides a generic,
physics-independent infrastructure for simulating discrete and continuum sys-
tems, and it bridges the gap between general libraries and application-specific
simulation codes.

The design goals of ppm include ease of use, flexibility, state-of-the-art paral-
lel scaling, good vectorization, and platform portability. The library is portable
through the use of standard languages (Fortran 90 and C) and libraries (MPI)
and it was successfully compiled and used on distributed memory, shared mem-
ory, and vector architectures on 1 to 512 processors. Computational efficiency is
achieved by dynamic load balancing, dynamic particle re-distribution, explicit
message passing, and the use of simple data structures.

2 Particle Concepts and Particle-Mesh techniques

The use of the ppm library requires that the simulated systems are formulated in
the framework of PM algorithms [6]. The field equations are solved using struc-
tured or uniform Cartesian meshes. As a result, the physical and computational
domains are rectangular or cuboidal in two or three dimensions. Complex ge-
ometries are handled by immersed boundaries, through the use of source terms
in the corresponding field equations, or through boundary element techniques.
Adaptive multi-resolution capabilities are possible using mapping concepts as
adapted to particle methods [7].

The simultaneous presence of particles and meshes requires different concur-
rent domain decompositions. These decompositions divide the computational
domain into a minimum number of sub-domains with sufficient granularity to
provide adequate load balancing. The concurrent presence of different decom-
positions allows to perform each step of the computational algorithm in its
optimal environment with respect to load balance and the computation-to-
communication ratio. For the actual computations, the individual sub-domains
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are treated as independent problems and extended with ghost mesh layers and
ghost particles to allow for communication between them. Ghosts are copies of
true mesh points or particles that either reside on a neighboring processor or
account for periodic boundary conditions.

The ppm library supports connections and relations between particles, such as
particle pairs, triplets, quadruplets, etc. These relations may describe a physical
interaction, such as chemical bonds in molecular systems, or a spatial coherence,
such as a triangulation of an immersed boundary or an unstructured mesh.

2.1 Topologies

A topology is defined by the decomposition of space into sub-domains with the
corresponding boundary conditions, and the assignment of these sub-domains
onto processors. Multiple topologies may coexist and library routines are pro-
vided to map particle and field data between them as described below. Fields are
defined on meshes, which in turn are associated with topologies. Every topology
can hold several meshes.

In order to achieve good load balance, the SAR heuristic [8] is used in the
ppm library to decide when problem re-decomposition is advised, i.e. when the
cost of topology re-definition is amortized by the gain in load balance. Moreover,
all topology definition routines can account for the true computational cost of
each particle, for example defined by the actual number of its interactions, and
the effective speeds of all processors.

The ppm library provides a number of different adaptive domain decomposi-
tion techniques for particles, meshes, and volumes, the latter defining geometric
sub-domains with neither meshes nor particles present [5]. The sub-domains can
be assigned to the processors in various ways. The ppm-internal method assigns
contiguous blocks of sub-domains to processors until the accumulated cost for
a processor is greater than the theoretical average cost under uniform load dis-
tribution. The average is weighted with the relative processor speeds to account
for heterogeneous machine architectures. In addition, four different Metis-based
[9] and a user-defined assignment are available.

At the external boundaries of the computational domain, Neumann, Dirich-
let, free space, symmetric, and periodic boundary conditions are generally sup-
ported, but depend on the particular mesh-based solver that is being employed.
More involved boundary conditions and complex boundary shapes are repre-
sented inside the computational domain by defining connections among the par-
ticles, or by using immersed interfaces.

2.2 Data mapping

ppm topologies implicitly define a data-to-processor assignment. Mapping rou-
tines provide the functionality of sending particles and field blocks to the proper
processor, i.e. to the one that “owns” the corresponding sub-domain(s) of the
computational space. Three different mapping types are provided for both par-
ticles and field data:
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– a global mapping, involving an all-to-all communication,
– a local mapping for neighborhood communication, and
– ghost mappings to update the ghost layers.

The global mapping is used to perform the initial data-to-processor assign-
ment or to switch from one topology to another, whereas the local mapping
is mainly used to account for particle motion during a simulation. Commu-
nication is scheduled by solving the minimal edge coloring problem using the
efficient approximation algorithm by Vizing [10], and connections between par-
ticles are appropriately accounted for. Ghost mappings are provided to receive
ghost particles or ghost mesh points, and to send ghost contributions back to
the corresponding real element, for example after a symmetric particle-particle
interaction or a particle-to-mesh interpolation.

All mapping types are organized as stacks. A mapping operation consists of
four steps: (1) defining the mapping, (2) pushing data onto the send stack, (3)
performing the actual send and receive operations, and (4) popping the data
from the receive stack. This architecture allows data stored in different arrays to
be sent together to minimize network latency, and mapping definitions to be re-
used by repeatedly calling the push/send/pop sequence for the same, persisting
mapping definition.

3 Particle-Particle interactions

The evaluation of Particle-Particle (PP) interactions is a key component of PM
algorithms. The overall dynamics of the system may be governed by local particle
interactions, sub-grid scale phenomena may require local particle-based correc-
tions [11], or differential operators can be evaluated on irregular locations [12].
The ppm library implements symmetric and non-symmetric PP computations
using a novel type of cell lists [5], Verlet lists [13], and the full O(N2) direct
method. The last is based on distributing the particles among processors in
equal portions, irrespective of their location in space.

4 Particle-Mesh interpolation

All hybrid PM methods involve interpolation of irregularly distributed particle
quantities from particle locations onto a regular mesh, and interpolation of field
quantities from the grid points onto particle locations. These interpolations are
utilized for two purposes, namely: (1) the communication of the particle solver
with the field solver, and (2) the reinitialization of distorted particle locations
(“remeshing”). The ppm library provides routines that perform these operations.
The interpolation of mesh values onto particles readily vectorizes: interpolation
is performed by looping over the particles and receiving values from mesh points
within the support of the interpolation kernel. Therefore, the values of indi-
vidual particles can be computed independently. The interpolation of particle
values onto the mesh, however, leads to data dependencies as the interpolation
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is still performed by looping over particles, but a mesh point may receive values
from more than one particle. To circumvent this problem, the ppm library imple-
ments the following technique [14]: when new particles are created in the course
of remeshing, we assign colors to the particles such that no two particles within
the support of the interpolation kernel have the same color. Particle-to-mesh
interpolation then visits the particles ordered by color to achieve data indepen-
dence. In combination with appropriate directives, this coloring scheme enables
the compiler to safely vectorize the loops, as confirmed by a test on a NEC SX-5
vector computer. The wall-clock time for interpolating 2 million particles onto
a 1283 mesh using the M ′

4
interpolation kernel [15] decreases from 30 s to 2.7 s

when using the present coloring scheme, and the vector operation ratio increases
from 0.4% to 99%.

5 Mesh-based solvers

In ppm, meshes can be used to solve the field equations associated with long-
range particle interactions [4], or to discretize the differential operators in the
governing equations of the simulated physical system. A large class of pair inter-
action potentials in particle methods can be described by the Poisson equation
as it appears in MD of charged particles via electrostatics (Coulomb potential),
fluid mechanics in stream-function/vorticity formulation (Biot-Savart potential),
and cosmology (gravitational potential). The ppm library provides fast parallel
Poisson solvers based on FFTs and geometric Multi-Grid (MG) in both two
and three dimensions. The library architecture is however not limited to Poisson
solvers.

6 ODE solvers

Simulations using particle methods entail the solution of systems of ODEs [6].
The ppm library provides a set of explicit integration schemes to solve these
ODEs. Parallelism is achieved by mapping the integrator stages of multi-stage
schemes – i.e., the intermediate function evaluations – along with the other par-
ticle quantities. The set of available integrators currently includes forward Euler
with and without super time stepping [16], 2-stage and 4-stage standard Runge-
Kutta schemes, Williamson’s low-storage third order Runge-Kutta scheme [17],
and 2-stage and 3-stage TVD Runge-Kutta schemes [18].

7 Parallel file I/O

File I/O in distributed parallel environments exist in distributed and central-

ized modes. By distributed we denote the situation where each processor writes
its part of the data to its local file system. Centralized I/O on the other hand
produces a single file on one of the nodes, where the data contributions from
all processors are consolidated. The ppm library provides a parallel I/O module
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which supports both binary and ASCII read and write operations in both modes.
Write operations in the centralized mode can concatenate or reduce (sum, re-
place) the data from individual processors; read operations can transparently
split the data in equal chunks among processors, or send an identical copy to
each one. To improve performance of the centralized mode, network communi-
cation and file I/O are overlapped in time using non-blocking message passing.

8 Parallel FMM

The ppm library uses FMM to evaluate Dirichlet and free-space boundary con-
ditions for the computationally more efficient MG solver. The implementation of
the parallel FMM module is based on the topology, tree, and mapping routines
provided by the library core. Hereby, the FMM module creates multiple tem-
porary topologies. The first topology comprises the sub-domains defined at the
level of the tree that holds at least as many sub-domains as there are processors.
Subsequent levels of the FMM tree structure are also declared as ppm topologies.
By means of the user-defined assignment scheme, individual processors operate
on disjoint sub-trees to minimize the amount of communication. The particles
are then mapped according to the finest topology, which contains all the leaf
boxes as sub-domains. The ppm tree directly provides index lists to the particles
in each box. This allows straightforward computation of the expansion coeffi-
cients on the finest level, without requiring communication. The computed leaf
coefficients are shifted to parent boxes by recursively traversing the tree toward
its root, cf., e.g., [19]. Since the topologies are defined such that each processor
holds a disjoint subtree, the expansions can be shifted without communication.

To evaluate the potential at the locations of a set of target particles, these
particles are first mapped onto the finest-level ppm topology. A pre-traversal
of the tree then decides which expansion coefficients and source particles are
needed for each target point. This is done by traversing the tree from the root
down to the leafs using a stack data structure. On each level, we check if the
corresponding box is already far enough away from the target particle. This is
done by comparing the distance (D) between the target particle and the center
of the box to the diameter (d) of the box. If the ratio D/d > θ, the expansion
of that box is used and the traversal stops.

When evaluating the potential, expansion coefficients or particles from other
processors may be needed. Before evaluating the potentials, the expansion co-
efficients from all processors are thus globally communicated. This can be done
since the data volume of the coefficients is much smaller than the original par-
ticle data. Required particles are received on demand as additional ghosts using
the regular ppm ghost mapping routines.

9 Benchmarks results

Benchmark results are presented for the ppm FMM, for a remeshed SPH (rSPH)
client application [20, 5] for the simulation of compressible fluid dynamics, and
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for simulations of diffusion in the Endoplasmic Reticulum (ER) of live cells [21,
22]. In addition, preliminary results with a simple ppm MD client have shown it
to reach the same performance as the dedicated MD program FASTTUBE [23].

The benchmarks for the FMM are collected on a Linux cluster of 16 2.2GHz
AMD Opteron 248 processors, connected by standard gigabit Ethernet. This ar-
chitecture is chosen since it provides the most stringent test for the communication-
intense tree data structure of the FMM. To have access to larger numbers of
processors, the subsequent application benchmarks are preformed on the IBM
p690 computer of the Swiss National Supercomputing Centre (CSCS). The ma-
chine consists of 32 Regatta nodes with 8 1.3GHz Power4 processors per node.
The nodes are connected by a 3-way Colony switch system. Furthermore, code
vectorization is assessed on the NEC SX-5 computer of CSCS.

9.1 The Fast Multipole Method

The test cases for the ppm FMM involve 105 source points with a uniformly
random distribution in a cubic box. The potential induced by these points is
computed at the locations of 105 target points, also uniformly randomly dis-
tributed in the same cube. Fig. 1(a) shows the wall-clock time as a function of
the number of particles. The acceptance factor θ for the tree traversal is set to
1.5, and we vary the expansion order (l). The scaling of the FMM is compared to
the O(N2) scaling of the direct evaluation method. Fig. 1(b) shows the parallel
speedup of the ppm FMM on up to 16 processors of the Linux cluster. The wall-
clock time is 452 seconds on 1 processor and 36.8 seconds on 16. The observed
loss in efficiency is mainly caused by the global communication of the expansion
coefficients.
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Fig. 1. Performance of the Fast Multipole Method (FMM) implementation in the ppm

library. (a) Serial performance of the FMM as function of number of particles and the
order (l) of the expansion: -+-: direct calculation; -2-: l = 9; -∗-: l = 5; -×-: l = 1.
(b) Parallel speedup using 105 particles and l = 5 on up to 16 nodes of the 2.2 GHz
Opteron Linux cluster. —: linear scaling; +: measurement.
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9.2 A Remeshed Smooth Particle Hydrodynamics Application

The first application benchmark considers an rSPH client for the simulation of
three-dimensional compressible flows. For the parallel performance to be inde-
pendent of the particular flow problem, we consider a computational domain
fully populated with particles. The speedup and parallel efficiency of the rSPH
client are shown in Fig. 2. The maximum number of particles considered for this
test case is 268 million with a parallel efficiency of 91% on 128 processors and also
91% on 32 processors. This compares well with the 85% efficiency of the GAD-
GET SPH code by Springel et al. [24] on 32 processors of the same computer
model (IBM p690). One time step of a fixed-size simulation using 16.8 million
particles takes 196.9 seconds on 1 processor and 7.3 seconds on 128 processors.
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Fig. 2. Parallel speedup and efficiency of the ppm rSPH client for a scaled-size prob-
lem starting with 2 million particles on one processor. Each point is averaged from 5
samples, error bars indicate min-max span. Timings are performed on the IBM p690.

9.3 Diffusion in the ER

We present a client application for the simulation of three-dimensional diffusion
in the ER, an organelle of live cells. This test demonstrates the capability of the
library in handling complex-shaped domains with irregular load distribution.
The problem size is fixed at 3.4 million particles, distributed inside the ER.
Using an adaptive recursive orthogonal bisection, the complex ER geometry is
decomposed, and the sub-domains are distributed among 4 to 242 processors.
Fig. 3(a) shows a visualization of the solution, and Fig. 3(b) shows the parallel
efficiency of the present ppm client. The simulations sustain 20% of the peak
performance of the IBM p690, reaching 250 GFlop/s on 242 processors at 84%
efficiency. The load balance is 90 to 95% in all cases, and one time step takes 14
seconds on 4 processors. This client was used to perform simulations of diffusion
using up to 1 billion particles on 64 processors, thus demonstrating the good
scaling in memory of the ppm library.
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Fig. 3. (a) Visualization of the simulated concentration distribution inside a real ER
as reconstructed from a live cell. The volume indicated by the cube is initially empty
and we simulate the diffusive influx. The solution at time 0.25 is shown. The edge
length of the box is 50, and the computational diffusion constant is 7.5. (b) Parallel
efficiency of the ppm diffusion client for a fixed-size problem with 3.4 million particles
distributed inside the ER. Each point is averaged from 5 samples, error bars indicate
min-max span. Timings are performed on the IBM p690.

10 Summary

The lack of efficiently parallelized and user friendly software libraries has hin-
dered the wide-spread use of particle methods. We have initiated the develop-
ment of a generic software framework for hybrid Particle-Mesh simulations. The
ppm library described in this paper provides a complete infrastructure for parallel
particle and hybrid Particle-Mesh simulations for both discrete and continuum
systems. It includes adaptive domain decompositions, load balancing, optimized
communication scheduling, parallel file I/O, interpolation, data communication,
and a set of commonly used numerical solvers, including a parallel FMM.

We have demonstrated the library’s parallel efficiency and versatility on a
number of different problems on up to 242 processors. All applications showed
parallel efficiencies reaching or exceeding the present state of the art, and favor-
able run-times on large systems.
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